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Data Discovery i Load Data v Q search

Automation @ Home Artivities Run View

E C; @ Get data

Data Storage Choose a data source to get started

Home

©
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(1] | Ingestion Descriptive Diagnostic Predictive Prescriptive

Data Discovery Load Orders ~

Automation Power Query @ Dataflow saved
Data storage Home  Transform  Add column  View Help

= @ ZB Transpose 45¢ Data type: Whole number ~ E[I Rename H H A XO
= 2 724 z

p= e
B 2 . L o ilali ABC o
[, Reverse rows Replace E‘ Detect data type 55 Pivot column < Move ~ >3 Extract

Group Use first row as

Split ~ Format 1 Number Date and time
by headers~

‘H count rows values~ q Mark as key E‘jﬁ Unpivot columns v E Convertto list |~ column~ v column~ column ~

Table Any column Text column

>

E orders
= = 123

Source Promoted headers Changed column... Added custom Changed column...

>
—_
=
vi
)
=
a
S
]

fY Table.TransformColumnTypes (#"Added custom”, { Type}})

sbumas fienpy A~

E 123 SalesOrderiD | ~ OrderDate | 123 CustomerID | ¥ | 123 Lineltem ¥ |123 ProductiD | ¥ 123 OrderQty | ¥ | 1.2 LineltemTotal ~ 123 MonthNo | *
1 56.9

2
o)
3

4
5

149.87

Completed (2.42 s5)
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Ingestion

.

Automation
R

Data Discovery

Home

(]
Workspaces

©

Onelake
catalog

®

Monitor

&

Real-Time

Data Storage

]
Load Data

Load Data v
Home Activities Run

&y Copydata v :' Dataflow

Dataflow

Load Orders

W o O

General  Settings

Name *

Description

Activity state ©
Timeout @
Retry ©

> Advanced

View

i Notebook

Load Orders

Activated

Learn more [

‘ L search

Move and transform

% Copy data

o~ Dataflow

Ul Delete data

Metadata and validation
+— Lookup

) Get metadata

Control flow

&% If conditions

'E Switch

? Filter

Z Wait

E ForEach
Until

(X) set variable
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al Ingestion

Data Discovery
Automation

Data Storage

N @ E% Get data v New semantic model (5} Open notebook v

Explorer
Q, Search tabl

~  Sales

~ B3] Tables

Monitor

&

dimcustomer_gold
Tl dimdate_gold
dimproduct_gold
G
Workloads factsales_gold
orders
sales
B sales_silver
~ B3 Files
> B bronze
> B data

> B3 unstructured

4BC SalesOrder.

S0O51555

506023

5061412
5062984
S051555

S052058

S0O54042
5054377
S054784

Descriptive

sOrderL..

("¢ Manage Onelake data

OrderDate
3/2021 12:00:..
9/2021 12:0

8/22/2021 12:00....

8/2021 12:00:...
8/5/2021 12:000...
8/9/2021 12:000...
8/15/2021 12:00:...

/2021 12:00:..

/2021 12:00....

Diagnostic

access (preview)

ABC CustomerN...

Chloe Garcia

Logan Collins
Autumn Li

Cesar Sara

Peter She

Peter She

Jason Mitchell
Nathaniel Cooper

nchez

Elijah Ross
Edward Taylor
Maria Reed
Logan Collins
Ashlee Xu
Autumn Li

cesar
pet:
petert
jason:
nathani
miguel72
chlo
elijah7@
edward
maria

logan:

Predictive

ABC [tem

Patch Kit/8 Patch...

Half-Fing

All-Purpose Bike...
Short-Sleeve Cla...
Sport-100 Helm...
Long-Sleeve Log...
Sport-100 Helm...

Short-Sleeve Cla...

Racing Socks, M

Mountain Bottle ...
Short-Sleeve Cla...
Short-Sleeve Cla...
ation Pack -...
Short-Sleeve Cla...
Water Bottle - 3...

Patch Kit/8 Patch...

4 G — ———

Prescriptive

Lakehouse ~ & Share

Showing 1000 rows

123 Quantity

49.9¢

34.9¢

Columns 9 Rows 1,000
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(1] | Ingestion Descriptive Diagnostic Predictive Prescriptive
/
l : Transform data for Silver | Saved Q, Search vao 3 € ? o
~N
- . (R Home  Edit Run  View (D Comments & History /2 Develop e
— Transformation Fone ‘
-— [Zi’ Runall ~ & Connect v~ PySpark (Python) ~  Environment = Workspace default ~ Ej Data Wrangler ~ & =
y=p Yy p 9 A
/

. . Explorer @ ML g - W
Data Engineering

# Load data from the CSV files in the bronze folder into a Spark dataframe, then display the i

ﬁ Data items [j Resources

Architecture .
- Add data itemns _from pyspark.sql.types import *

Orchestration # Create the schema for the table

orderSchema = StructType([
StructField("SalesOrderNumber", StringType()),
StructField("SalesOrderLineNumber", IntegerType()),
StructField("OrderDate", DateType()),
StructField("CustomerName", StringType()),
StructField("Email", StringType()),
StructField("Item", StringType()),
StructField("Quantity", IntegerType()),
StructField("UnitPrice", FloatType()),
StructField("Tax", FloatType())
D

Sources

> |@ sales #

Real-Time

&

Workloads

W oo ph wNR

PR RRERRRRR
NGO e W R

j

[y
[+:]

# Import all files from bronze folder of lakehouse

Transform df = spark.read.format("csv").option("header", "true").schema(orderSchema).load("Files/bronze/*

data for ...

[ I
B ® W

# Display the first 1@ rows of the dataframe to preview your data
display(df.head(1@))

[
N

- Command executed in 3 sec 540 ms PySpark (Python)
v

@ Not connected [E AutoSave: On il Selected Cell 1 of 4 cells
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v

Data Engineering
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Orchestration

Reporting

[~ Wy <8

Home

Explorer

4+ Warehouses

v Sales
~ B schemas
v &b dbo
v B Tables
i} dimcustomer_gold
i} dimdate_gold
=l dimproduct_gold
i} factsales_gold
B orders
B sales
> B sales silver
> B3 Views

> B3 Functions

Fabric

« & sa query 1

Q

Descriptive

X

Run Eﬁ Save as view

SELECT TOP (1ee) [SalesOrderNumber],

a1l
3
4
5
6
7
Q
Messages

ac SalesOrd...

5051555

2 <NA1412
v ¢

Results

[SalesOrderLineNumber],
[OorderDate],
[CustomerName],
[EmailAddress],

[Item],

[Quantity],

Mini+Dri~al

& 0 -

123 SalesOrd... OrderDate

2021-06-23

2021-08

2021-10-25
2021-10-30
2021-10-30
2021-11-16

2N21-12-N2

@ Succeeded (3 sec 548 ms)

Diagnostic

48 Custome...

Chloe Garcia

an Collins

ABC EmailAdd...

chloe2

logan2

autumn3@ad...

Predictive

Copy ~

ABC |tem

Patch Kit/8 Pa...

Half-Finger Gl...

All-Purpose B...

Short-Sleeve ...

Sport-100 Hel...
Long-Sleeve L...

Sport-100 Hel...

Chart-Clasowa

Search

Prescriptive

SQL analytics endpoint

A

123 Quantity 12F  UnitPric

229

L2 aa

Columns: 9 Rows: 100
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v
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g Transformation
v

Data Engineering
Architecture

Orchestration

R

Home

00
o
L=

Fabric

Sandbox ...

Fabric

Reporting

[2~ Uy <8

Home

Explorer
+ Warehouses
> & queryinsights
> & sys
> B Security
Queries
~ B3 My queries
[ items by Revenue
B Line ltems by Sales Order
2 SQL query 1
] Top Customers by Quantity
L Total Sales by Year
) visual query 1
> B3 shared queries

Model layouts

v

Descriptive

Ej Line Items by Sa... X

BH Manage columns ~ 5 Reduce rows

E sales
O & Et

Source Database Table

2| sert v

Diagnostic

£il

Choose columns

EL, Transform -

=

Grouped rows

EE Save as table ‘ ‘ @ Download Excel file ‘ ‘ loo Visualize results

5
1
2
3
4
5
6
7

S063011

w

5049617

e G:%SaIesOn:IerNuml:ner ~ | 123 Lineltems | ~

Predictive

Eg Combine ~

Renamed columns

4 G ——.

Completed (3.78s) Columns: 2 Rows: 99+

Prescriptive

@ SQL analytics endpoint ~

[F save as view

s

L] vie
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2l Ingestion
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~__
— Transformation
—
y

Data Engineering
Architecture

Orchestration

Descriptive

Sales

Home  Reporting
[% e |.-s?}||.v le ﬂg t-'ﬁ

Explorer

View SQL

+ Warehouses
> &b queryinsig
> & sys
> B3 Security

O Copy to clipboard

select [rows].[SalesOrderNumber] as [SalesOrderNumber],
count(distinct([rows].[SalesOrderLineNumber])) max(case
when [rows].[SalesOrderLineNumber ]
then 1
else @
end) as [LineItems]
from

(

1
2
3

Queries

« B My queries

N oonop

L) items by R

w0 ©

select [SalesOrderNumber],
[SalesOrderLineNumber]
from [Sales].[dbo].[sales] as [$Table]
) as [rows]
group by [SalesOrderNumber]

u'@i Line Item%

=
PR ®

o SQL query

PP

L Top Custo
LD Total Sales
Iéj Visual que
> B3 shared queries

Model layouts
Completed (3.78's) Columns: 2 Rows: 99+

Diagnostic

Predictive

Prescriptive

@ SQL analytics endpoint ~

o

5 Save as view Q Vie

100% + ¢

Cancel
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Data Engineering
Architecture
Orchestration

Real-Time

¥

Workloads

Sales Gold ~

File Home Help

New New (
measure table

Calculations

omer_gold

Manag
roles

Security

relation

Relation:

Descriptive

5 D O B

Edit Best practice Men Community

tables analyzer ar notebooks

Medeling Model health

mdate_gald

Diagnostic

A

saljiadoud

Predictive

Data

Tables Model

Q
> B dimcustomer_gold
> B dimdate_gold
> B dimproduct_gold
~ [ facts
CustomerlD
ltemID
OrderDate
2~ Quantity
> Tax
2 UnitPrice

Prescriptive

£ Editing v
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] i Descriptive Diagnostic Predictive Prescriptive
ngestion
/
Fabric Fabric Sandbox (DEMO) Search
N
- B File v~ 1= Export -~ Save 88 Explore [ Setalert ,f Edit E Show data table -
— Transformation Home Quick
— o uick summary 73,73 32715 € Your data
) =) old Su e Sum of Q
Workspaces Search
Sum of Tax by yyyymm
v %factsale"
an [_] B Count of rows
() . 2 [l CustomerlD
o3, Serving

[ ltemID

] OrderDate

[ = Quantity
> Tax
] = UnitPrice

E
E
=
=
=
=

Machine Learning

Sum of UnitPrice )
A Lvti v dimdate_gold
natytics [_] B Count of rows
- Sum of Tax by mmmyyyy Sum of Quantity by yyyymm -
K ] Day
Reverse ETL | 5 . _

[ mmmy
B Month

OrderDate

mmmyyyy

higher than 202010, which had

yyyymm

> BB dimcustomer_gold
11 accounted f 98% of Sum of Tax.

) > BB dimproduct_gold

all /I , Sum of Tax ranged from o )
Sum of Tax Sum of Quantity

Fabric
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l = Fabric Fabric Sandbox (DEMOQ)

L(((

@ File Home View Insert & Fditing ~

i Home
TranSformatlon @ Image ~ | ext box B Header Q Footer

J 2

Waorkspaces @ Editor

©

o
)

Onelake
catalog > .
. ltemName  --- ) Sales_Gold
SeI’VII"Ig ® . Quantity B O
| i 2 [_Idi 1 r_gold
Monitor R itemName fR Quantity 7 . - cmeemege
1 5f > @ [ ] dimdate_gold
Add data fields here _ -
: : > @ @ dimproduct gold
Machine Learning _

@ @ factsales_gold
0o Preview

Analytics

(@ Editing mode only shows up to 500 rows. Switch to viewing mode or export the report to see all rows.

Reverse ETL

Product Sales

ItemName Quantity
All-Purpose Bike Stand

AWC Logo Cap

Bike Wash - Dissolver

Classic Vest

Fender Set - Mountain
Vi e ~

Page 1 of 2
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/
/. H
o3, Serving

Machine Learning
Analytics

Reverse ETL

experiment-diabetes

Home View

Home
Save as ML model
-]

Workspaces

Onelake /o Search
catalog

experiment-diabetes

> @ good_parsnip... 1/16/2025

Fabric > °salmon7ballo... 1/16/2025

Sandbox ...

L 4

Fabric

i Download run files ]Tj] Delete run

Run details

~ Run metrics (5)
training_mean_absolute_error
training_mean_squared_error
training_r2_score
training_root_mean_squared_error
training_score
Run parameters (12)
ccp_alpha
criterion
max_depth

max_features

Descriptive

&A New AutoML run

Diagnostic

31.483439772888655
1683.83091476416

0.7321488177154096
41.034508828109054

0.7321488177154096

00

squared_errer

Predictive

Prescriptive
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» [Y File v 1> Export ¥ |# Share K} ChatinTeams @3 Explore thisdata § Getinsights (@ Subscribe toreport 0 Setalert ¢ Edit - &) Copilot 0~ O~

Transformation o D copiot (e

| can chat, answer data questions, and
summarize report content. Here are some

things you can try:
u Monitoring Transactions, Cases, and Resources / Location

= Create a bulleted list of insights
Onelake

data hub

Count of Location Count of Caseld = Summarize visuals on this page

Serving 3 499

Summarize visuals on this page

Count of Caseld by Date and Role Count of Location by Role, Transaction Type and Location

@ invoice Approver @Invoice Processor ] -. A @5an Francisce
From the visual "Count of Caseld by Date

and Role", it is clear that the number of
cases handled by the Invoice Processor
significantly exceeded that of the Invoice
Approver from June 29 to August 4, 2021.
The highest number of cases handled by

u
£
-
c
S
T
8
b
£
£
£

Al Readiness

the Invoice Processor in a single day was 30
on July 28, while for the Invoice Approver it

wasQonluly7 1.
Count of Location by Role, Resource and Location Date Role Transactior Count of Location by Date, Transaction Type and Location
-
)2 (441 . ®Invoice Proc Tuesday, June 29, 2021 Invoice Approver Complete t @ 5an Diego, USA @S5an Francisco, USA @ e, USA The visual "Count of Location by Date,

G ra thL 6.) 6087 ®Invoice Proc Tuesday, June 29, 2021 Invoice Processor Confirm Pa Transaction Type and Location” gives us

Tuesday, June 29, 2021 Invoice Processor Invoice Ent

e i " -
@ lnveice Proc Tuesday, June 29, 2021 Invoice Processor Refund Wit insights into the volume of different

®Invoice 4 . Wednesday, June 30, 2021 Invoice Approver Approve In . I transaction types handled across three
Wednesday, June 30, 2021 Invoice Approver Complete t o .- leleelcee=NE locations: San Diego, San Francisco and
Wednesday, June 30, 2021 Invoice Processor Confirm Pa 3 3 - > q [
Y Wednesday, June 30, 2021 Invoice Processor Confirm Pa _— erkmat [ 2 y ,' " - "W -
Al Platform Invoice Proc Wednesday, June 30, 2021 Invoice Processor Credit Men ) _rm'n;mmn . o Complete the Customer Memo + “Confirm
8 - ledon ol e a0 An04 i Renceeee P eadie ype Payment Received", “Invoice Entry”,

Multi-Model Integration

@®Invoice

®Invoice App Seattle. Transaction types include

Copilot

Power BI
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\_ l /

e N
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— Transformation
—

\_ /

/. 1

(274 Serving

Al Readiness

GraphQL
Multi-Model Integration
Al Platform

Copilot

[
®

()

Workspaces

o
CopilotTesti
ng

I

Copilot-
Internet-...

I

|

Power B

Copilot-Internet-Sales-AW-:

View ~¥  Reading view

Count of Category

4 6

Sum of SalesAmount by EnglishCountryRegionName

EnglishCountryRegianName

Sum of SalesAmount by EnglishPromotionType

3

Count of EnglishCountryRegionName

Mobile layout

D Internet Sales Analysis by Product Category and Geography

Sum of SalesAmount

29.36M

Sum of SalesAmount by Category, Sub-Category and
EnglishProductName

Sum of SalesAmaount by Sub-Category

D Internet Sales Analysis by Product Catego...

Page 1 0of 1

Descriptive

(E Confidential\Microsoft Extended

@ Copilot

Revenue % of Sales

41%

Sum of SalesAmount by EnglishCountryRegionName

L
NORTH AMERICA Or © EUROPE
®

AFRICA

SOUTH AMERICA
B s frriom, S22

Sum of SalesAmount by Date and Category

Diagnostic

suonezijensip  a

Predictive Prescriptive

G~ B
T’ COleOt Preview

Suggest content for this 1

@)

OK, here's a suggested outline for your
report. Select any page topic to view details
and start creating pages.

Sales Performance by Product
Customer Segmentation and Loya...
Promotion Effectiveness and ROI

Inventory and Supply Chain Mana...
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Reading view  Mobile layout ~ Open da

® m Analysis of Customer Types Age Group Al Customer Type

Transformation

&

it Money Spent YTD Return Rate Average of Length of stay Count of Customer Type

G $61.59M 11.7% 2.76 2

Onelake

data hub |

suonezijensip

B How does the customer type vary by their primary
. X . - S t by Dat d Cust T
Servi ng e interest, gender, and island visited? Create a narrative with Copilot @) - X [prREmEreanctusomeLipe

What are the peak seasons and days for both
returning and not returning customers?

How can we increase the money spent by returning
customers, especially in the age group of 31-40?
What are the best and worst performing markets
based on the country of origin? ( Create a bulleted list of insights |

@ Returning

Describe the summary you want and the visuals it should reference. Al-generated content can

( Give an executive summavy] [Answer likely questions from leadership

Here are some possible answers to these questions, using the

AI Read i hess | data from the tables and visuals: . Based on the data, what questions are likely to be asked by leadership?
Ccdings ¢ According to the table with the id 1, the most Answer these questions.

popular primary interest for both returning and not

m returning customers is sport activities, followed by

relaxation. Honeymoon and sightseeing are less

common interests. The visual with the id 2 shows

G ra thL that female customers tend to stay longer than male
customers, regardless of their customer type. Reference visuals D | Current page v Create @ Not returning @ Returning
However, returning customers have a lower average

Multi-Model |ntegration length of stay than not returning customers, for both “eSport
genders. The table with the id 3 shows that Oahu is $20M ‘ ®Relax

the most visited island by both customer types,
Al Platform followed by Hawaii, Kauai, and Maui. Germany, . l ®Hone
Australia, and the United States are the top three SOM = ®sight
D A A A A D
) b > (5.42%)

. countries for both customer types, while China,
CO p||-0t France, and the UK are among the bottom three. 1

d terms

Mhgn

95/300 Average of Length of stay by Gender
and Customer Type

Age Group

Analysis of Customer Types Monitoring Transactions, Cases, and Resour... Comparing Revenue, Customer Satisfaction,...
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¥ Azure Al Studio | Github  preview ai-services-resource 2 Madel catalog

All resources £33 (2 .

Transformation

Q) Overview Find the right model to build your custom Al solution ED show filters

Get started

= All filters & Collections ~ = Industry [ Deployment options ~ = Inference tasks = Fine-tuning tasks B Licenses -~

| & Model catalog
Manage

<0 Al resources

Serving
% Deployments
&9 Quota

@ Content filters

Al Readiness

GraphQL
Multi-Model Integration
Al Platform

Copilot

+

+

+

+

+

+

gpt-4o-realtime-preview (2

Audioc generation

gpt-35-turbo (2

Chat completion

gpt-4o-mini &
Chat completion

gpt-35-turbo-instruct &

Chat completion

dall-e-2 i

Text to image

gpt-4o [7)

Chat completion

tts-hd &

lext to speech

“ gpt-d4o-realtime-preview [7)

Audio generation

ol-preview
Chat completion

+ gpt-40
Chat completion

* gpt-35-turbo-16k

Chat completion

al-preview (]
Chat completion

gpt-4o0-mini (%)

Chat completion

,‘_ tts &
Text to speech

‘_ gpt-4 )
Chat completion
ol-mini &
Chat completion
' gpt-4-32k
Chat completion
‘ dall-e-3 i
Text to image
ol-mini [Ej

Chat completion

_‘ whisper [}
Speech recognition

‘_ text-embedding-3-small =

Embeddings

Models 71




Shiny Toys

What’s next on the
Microsoft Fabric
roadmap?

* Fabric Databases & GraphQL
* Copilot Across Capacities

- Data Agents



GraphQL Integration

Get data

Choose data

Q, Search CustomerlD AddressID AddressType rowguid MedifiedDate

v 3 AdventureWorks 29485 1086 Main Office 16765338-dbed-...  2007-09-01T00:0...

. 29486 621 Main Office 22b3e910-14af-4.. 2005-09-01T00:0
f dbo.SalesOrderDetai

29489 1069 Main Offi== AABE~GOG A& AARE AT AATARA

Home
dbo.ProductCategon 29490 as7 Main Q —

. 49; M % Get data ‘@ Copy endpoint
dbo.ProductDescripti 29492 ain Q

29494 MainQ  creae &«

Schema explorer Queryl x +

dbo.ProductModel .
29496 Main Q _ > Run Query variables

dbo.ProductModelPr 29497 MainQ@ ™ 1 # Ctrl/Cmd + Space gives you auto suggestion

29499 Main Q > AdventureWorks : # query {

dbo.Product i One #  customers {
29502 Main Q > Queries 4 items {

Name
dbo.SalesOrderHead: 29503 Shippin = > Mutations 6 }
29503 Main Q
dbo.Address
29505 Main Q

dbo.Customer 29506 Main @

29508 Main Q Workspace

Results
1

L 4
&% Schema




Data Agents

€& Current ~ & Share

Ef Data agent instructions SJJ Example queries Q/ Clear chat T Publish D Revert to published version

Explorer

Onelake + Data source Who are the top 5 customers by yearly income, and what are their state or province names?

v & AdventureWorksLH

®

Manitor The top 5 customers by yearly income and their state or province names are:
v &b dbo

$ 1. Trisha Wu - England

2. Devin Martin - California

::] dimcurrency 3. Dalton Evans - British Columbia

4. Lolan Seng - England

B8 dimcustomer 5. Alvin Nara - California

B dimdate

Real-Time B8 dimaccount

Personal N 1 step completed v (© Response time: 8 sec
B8 dimdepartmentgroup

WorkSpace

BB dimemployee

AdventureS BB dimgeography
ales-
BB dimorganization
BB dimproduct
BB dimproductcategory
BB dimproductsubcategory
B8 dimpromotion
B dimreseller
BB dimsalesreason
[ dimsalesterritory
H dimscenario
B factadditionalinternationalproductdescription
Bl factcallcenter
B factcurrencyrate @ sample questions
B factfinance
BB factinternetsales B

Bl factinternetsalesreason

BB factproductinventory




Thank You.

J.Fitzhenry@noded.co.uk
R.Barry@node4.co.uk

Jfitzhenry
reubenbarry
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